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Postmortem CT imaging in Ai is recognized as a substitute for autopsy when it is not performed, and as
a complementary tool when it is performed. Although the reconstructed CT image is affected by the time
between death and imaging, the temperature and humidity where the body was placed, and other
conditions, the effect of artifacts on the image should be kept to a minimum. Artifacts are the distribution
of CT values in an image that should not exist, and are caused by the equipment, data collection, patient,
contrast media, and image processing. It goes without saying that the greater the influence of artifacts,
the more difficult it is to read the images and the less accurate the diagnosis can be. In this paper, we
recognize the various types of artifacts that occur in CT images, understand the types of artifacts that
occur, and explain the origin and causes of artifacts. It also describes artifact reduction measures and
the effectiveness of the latest deep learning reconstruction in reducing artifacts.
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